Challenges Balancing Between Quality Criteria such as Fitness, Simplic-
ity, Precision, and Generalization

Finding, Merging, and Cleaning Event Data

Cross-Organizational Mining

Dealing with Complex Event Logs Having Diverse Character-
istics

Providing Operational Support

Creating Representative Benchmarks
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Combining Process Mining With Other Types of Analysis

Dealing with Concept Drift
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The IEEE Task Force on Process Mining was established in

2009 and has members representing software vendors (Pallas

Athena, Software AG, Futura Process Intelligence, HP, IBM,

Infosys, Fluxicon, Businesscape, lontas/Verint, Fujitsu, Fujitsu

Laboratories, Business Process Mining, and Stereologic),
consultancy firms/end users (ProcessGold, Business Process Get the
Trends, Gartner, Deloitte, Process Sphere, Siav SpA, BPM

Chile, BWI Systeme GmbH, Excellentia BPM, and Rabobank), proceSS m | n | ng man |feStO

and research institutes (TU/e, University of Padua, Universitat

Politecnica de Catalunya, New Mexico State University, IST - fl’O m

Technical University of Lisbon, University of Calabria, Penn . .

State University, University of Bari, Humboldt-Universitat zu WWWWI n . tu e * n |/I eeetfp m/

Berlin, Queensland University of Technology, Vienna Univer- |IEEE

sity of Economics and Business, Stevens Institute of Technol- \k(
ogy, University of Haifa, University of Bologna, Ulsan National u tas k fO rce on
|IEEE

Institute of Science and Technology, Cranfield University, *\( p rocess minin g

K.U. Leuven, Tsinghua University, University of Innsbruck, task force on

. . process mining . .
and University of Tartu). www.win.tue.nl/ieeetfpm/




Starting point for process mining is an event log

QUENTIALLY RECORDED EVENTS RE USED TO DISCOVER, CHECK, AND EXTEND PROC MODELS
Each event refers to an activity (i.e., a well-defined step in the process) and
is related to a particular case (i.e., a process instance). Event logs

may store additional information such as the resource executing

or initiating an activity, the timestamp of an event, or

data elements recorded with an event.

Guiding principles

GP1 Event Data Should Be Treated as First-Class
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GP4  Events Should Be Related to Model Elements

) check ticket
the “real process” deviates from the —
reinitiate

t
modeled process. reques

Discovery techniques can be used to find a control-
flow model (in this case in terms of a BPMN model)
that describes the observed behavior best.

Decision rules (e.g., a decision

By relating observed events to activi-

ties in a process model it is possible

Performance information (e.g., the average time
between two subsequent activities) can be extracted
from the event log and visualized on top of the model.

tree based on data known at
the time a particular choice
was made) can be learned
from the event log and used to

annotate decisions.

to extend the model with additional

perspectives (e.g., time, data, and

GP5  Models Should Be Treated as Purposeful Abstrac-
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) tions of Reality

. : : . . . GP6  Process Mining Should Be a Continuous Process
The Process Mining Manifesto Lists Six Guiding Principles and Eleven Challenges

The six guiding principles can be used to avoid common mistakes when applying process mining in real-life settings.

Despite the broad applicability of process mining there are still important challenges that need to be addressed.

The main challenges are listed in the manifesto produced by the IEEE Task Force on Process Mining.




